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Abstract

In this work, we model the time and age evolution of a partially clonal population, i.e.,
able to reproduce sexually and asexually, in an environment with unlimited resources.
The population is divided in two subpopulations, sexual and asexual, whose densities
follow a coupled system of McKendrick—Von Foerster equations of evolution. The
transition from one subpopulation to another is driven by transition probabilities for
newborns to be sexual (resp. asexual) when their parent(s) is(are) in the asexual (sexual)
subpopulation. We study the optimization of the growth rate of the whole population,
with respect to these transition probabilities. We prove, using a result of the variation
of the first eigenvalue (Malthusian growth rate) for this problem, that the maximal
eigenvalue is reached when the probabilities are exactly (in time) equal to zero or
one. Moreover, depending on birth and death rates of both subpopulations (asexual
and sexual), we show that the maximal growth rate is reached when the population
newborns switch (completely) from sexual to asexual and then from asexual to sexual
(periodically in time) or when a subpopulation disappears.
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1 Introduction

Species that reproduce asexually (such as bacteria) or by parthenogenesis (female able
to produce child without male and fertilization) produce clones at each generation,
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sexual beings produce half males and half females. At the specie scale, parthenogenesis
is much more prolific and cost free (no sexual disease, no time lost in partner selection)
than the sexual reproduction, and at the individual scale, this is the most selfish way
to reproduce (female do not have to share their genetic material) and so costless than
the sexual reproduction ([1] Ch. 1). Nevertheless, at the specie scale, variability of
the genome of a specie and ability to find a solution when environmental changes
arise (new diseases, new predators, climate, etc.,) give a long time advantage to sexual
reproduction. The dynamic balance between the long time evolutive advantage of
sexual function and its reproductive cost in the short time is an enigma of sexuality
[1,2].

Aphids are unusual organisms (partially clonal) which can both reproduce sexually
and by parthenogenesis, which is determined by environmental conditions [3—6]. In
[7], authors consider a time evolution model (using ODE) of aphids population, and
they study the nonlinear dynamics but do not study the optimal growth rate and their
optimization with respect to the fecundation function in an environment with unlimited
resources, i.e., when birth and death rates do not depend on the size of the population.
In this case, the population grows exponentially in time and the problem of optimal
growth rate becomes an eigenvalue optimization [8,9].

In this work, we first rewrite the model given in [7] to introduce transition proba-
bilities for a parthenogenetic individual to give birth to a sexual one and for a sexual
individual to give birth to a parthenogenetic one. Moreover, we add an age structure,
using the partial differential equation of evolution introduced by McKendrick—Von
Foerster [9], in Sect. 2. The population is divided in two subpopulations : the asexual
subpopulation of density n 4 (¢, @) at time ¢ and age a and the sexual subpopulation of
density ng (¢, a) at time ¢ and age a. In Sect. 3, we give first results on the dynamics of
(na,ns)(t,a) and we show that the dynamic is time exponential and is driven by an
eigenvalue/eigenfunction. Then, in Sect. 4, we study the optimization of this eigen-
value (to improve the growth of the population) with respect to the probabilities to
switch from a way to produce offsprings to another (which could be a measure to the
ability of a population to invade (or replace) a less fitted population, i.e., with a smaller
Malthusian growth rate, see [10-15]). In Sect. 5, we give an example of application
to this work when the balance between death rates and birth rates changes and makes
the asexual subpopulation have a better growth rate, i.e., best fitted than an alternation
of sexual to asexual. We illustrate the work by giving numerical simulation in Sect. 6.
Finally, in Sect. 7, we discuss and conclude this work.

2 Model

In [7], a population u splits into asexual (i.e. born by parthenogenesis) : x and sexual
(i.e. born from females fertilized by males) y. Therefore, there are y/2 males and
x + y/2 females, and so, the excess of females per male is ¢ := 2x/y. We notice that
authors assume that the ratio of male offsprings over the female offsprings on the sex-
ual population is 1:1 which is the case of most species [16]. In [16,17], Fisher develop
an evolutionary model (mathematically formalized by [18]) that explains that, this
approximatively 1:1, sex ratio of offsprings is an evolutionarily stable strategy. There-
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fore, we do not modify this point in this work. Then, authors introduce a fecundation
function, & : ¥ +— 1+ gtanh(//g) where g = the limit number of females fertilized
per male —1'. The dynamics of population x and y are driven by the following system

x(1) = —Ba)x + a@lx +y/2 = h(y)y/2],

1
V() = By +aGlh()y/2), M

where 8 is the death rate, « is the birth rate and u(t) = x(¢) + y(¢) is the total
population. No sexual activity means that 7 = 0 and so, we have,

x'(1) = —Bw)x + a)[x + y/2],
Y1) = —Bw)y.

Now, let ¢ = tanh(¥/g) [0,1]and p = h — ¥ q € [0, 1], then we can rewrite the
system (1) as follows

X (1) = =Buw)x + a1 — g)x + (1 — p)y/2],

2
Y (@) = =By +a)lgx + py/2]. @

Therefore, we see that ¢ is the probability for a parthenogenetic individual to give
birth to a sexual one and p is the probability for a sexual individual to give birth to
a sexual one. And so, the limit case p = g = 0 corresponds to the case where there
is no sexual activity. In an environment with unlimited resources, the birth rate & and
the death rate 8 do not depend on the size of the population and

(;‘) (1) = (—BI + aM) G) ), 3)

with

_(l1=q (1 —=p)/2
M_( q p/2 )

What would be the optimal growth rate of the population with respect to the proba-
bilities (p, q) (chosen in [0, 11?)? Since (p, ) € [0, 112, solutions to the linear system

(3) are given by
X _ (—BI+aM)r [ X
(y)(t)—e <y>(0),

and the growth rate is given by the maximal eigenvalue of (—81 + M) which is

AAmax (P, q) — B where Amax(p, q) is the maximal eigenvalue of M : Apnax(p, ¢) =
_ _ 2 2(p_

1=g+p/2+y/0 zqﬂ’/z) 2074 Since we have

! For aphids around 7 [7].
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Fig. 1 Left : Survival of species depending on the birth rate @ and the death rate 8. Right: (p,q) —
Amax (P, q)

o 1 (q—p/2)
_)"max =—=+
9 2 V2= +1-p)

9 N I S . .
and ap)\max = 2[3(] Amax ooy the maximum of Apax 1S reached

on the boundary of [0, 1]2. We notice that

Amax (1, ¢) = max(l — g, 1/2), mqax()tmax(la q)) = Amax(1,0) =1,

P2+ Y@/ =2(p - 1)) _vip

Amax(p, 1) = max(1, (1 — p)/2), max (
p 2

and Aax (0, ¢) = Amax (0, 0) = 1. For all p’ € [0, 1], we have,

Amax (P, 0) = max(l, p/2), ml?x()\max(p7 0)) = )\max(p/’ 0)=1.

Therefore, the maximum of the eigenvalue (growth rate) A, is reached asg = 0, i.e.,
when parthenogenetic gives only parthenogenetic whatever do the sexual population.
Then, we have

y(t) — ))(())8(0117/2*/3)[7 and X(l) — (.X(O) 4 0(1))6(0(7’3)1‘,

and so, the growth of a population which reproduces only by parthenogenesis is larger
than every other choices of reproduction function. Moreover, we observe that the
parthenogenesis/sexual population survival depends on the value of o and B (see
Fig. 1). In particular, we notice that the maximum of the larger eigenvalue is reached
when p = 0 and ¢ = 0 (so & = 0) which means that there is no more sex.
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The same question, in the case where «, 8, p, g are T —periodic functions modeling
seasonal variations of the parameters, since we have

max Sp((—=B(")1 +a(t)M)) = —p(1) + (1),

for all ¢, gives the same answer : The best way to reproduce is given by ¢ = O,
ie., y(1) = y(O)els @/2=HOUT and x (1) = (x(0) + o(1))eUo @=AEIT  Conse-
quently, we have again Fig. 1 with fOT ads /T (resp. fOT Bds/T) instead of « (resp. B).
To include specificities of parthenogenetic and sexual subpopulations in the model, we
have to deal with the differences of birth and death rates of both subpopulations. We
add an age structure in the model (McKendrick—Von Foerster model [9—13]) for both
subpopulations, at time ¢ and age x; the density of asexual subpopulation n 4 (¢, x) and
the density of the sexual population ng(¢, x) have their time evolution driven by the
system of transport equations (with loss due to death term) :

D At ) + nalt, ¥+ d Ot x) =0,

d 0
—ngs(t,x)+ —ngs(t,x) + d(t)Xx>x0nS(tv x) =0,
ot ox

where d(t) is the death rate (due to environment and time periodic due to seasonal
variation). The only difference for death for both subpopulations is during the first
stage of development, and we consider that for age x less than xo, a sexual individual
is an egg which has a null death rate and the same death rate for individuals (not in an
egg). Newborns appear at age 0 which leads to the following boundary condition,

mar =0 = [ psa0Bstoms(e.x) o
x>0
[ paa @B A d
x'>0 (5)
ng(t,x =0) = / Ps—s(@)Bs(x"ns(t, x') dx’
x'>0
[ paes0BaG A a.
x>0
with
pa—>A(t) + pass(t) = ps»a(t) + ps—s(t) =1, Vi
Parthenogenetic female can give birth, with a birth rate depending on the age x of the
female : B4 (x) to parthenogenetic female, with probability pa_, 4 (¢) at time ¢, and to
sexual female with probability ps_, s(¢). Respectively, sexual female can give birth,
with a rate Bg(x) (which is < B4(x)) depending on the age x (in particular for eggs

Bg(x) = 0 for x € [0, xo]), with probability ps_, 4(¢) at time ¢ to a parthenogenetic
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female and with probability ps_, s(¢) to sexual female (5). Since parthenogenesis is
much more prolific and cost free than the sexual reproduction, we assume that

Ba(x") > Bs(x'). (6)
We set that for T > 0 (here T = 365 days)

t—d() € L°(R) T — periodic, @)
X = Ba(x), (resp Bs(x)) € L°(R) and vanishing for x large enough. (8)

Remark 2.1 We consider an environment with unlimited resources. This means that
we assume that the death rate and the birth rate do not depend on the population itself
(only on time for death rate : season and more precisely for aphids: temperature and
only on age for birth rates (see [19] p 17)). Therefore, we expect that the population
has an exponential growth or decay [8,9].

We are expecting that the best way (to give an optimal growth rate) is to switch from
sexual to asexual when itis profitable to do so (and so abang—bang principle). In Sect. 3,
we study the dynamics of (n4, ng) solution to (4)—(5). Then, in Sect. 4, we prove that
the optimal growth rate of (n4, ng) with respect to (ps—a, pa—a) € [0, 11®+ s
reached for ps— 4, pa—a € {0, I}R+. We give a theoretical result, in Sect. 5, showing
that under some conditions on the death rate, the sexual subpopulation could disappear.
We illustrate this work by a numerical example in Sect. 6, and we conclude in Sect. 7.

3 First Mathematical Results

We have the following results on the dynamic (and more precisely on the long time
behavior) of this system of partial differential equations. Proposition 3.1 cares about
the long time behavior of the solution, and we prove that it is characterized by a time
exponential growth rate (positive—growth, negative—decay) which corresponds to
the larger (in real part) eigenvalue, whereas Proposition 3.2 deals with the variation of
the eigenvalue with respect to the probability transition ¢ > (pa— 4 (t), ps—s(t)).

Proposition 3.1 Under Assumptions (7)—(8) and for all initial datan 4 (0, .), ns(0, .) €
L'(Ry, Ry), there exists an unique solution to (4)—(5):

(na,ns) € L=([0, T1, (L' (R4, R1)).

Moreover, we have (na(t,x),ns(t,x)) behaves as Cst e (Na(t, x), Ns(t, x)),
(as ~t—o0) where Cst > 0, A € R and (N4(t,x), Ns(t,x)) are T— periodic
L([0, T, (L* R, R+))2) solutions to the following eigenproblem
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0 0 d(t) 0 Na(t, x) Na(t,x)\ _
(5 T < 0 d(t)xx>xo>> (Nsa, ) ) o (Ns(r,x>> =0

(NA(r,0)> _ / (pA%A(wBA(x’) psﬁA(wBs(x’)) ©)
Ns(t,0) =0 \ PA=sE)Ba(x") ps—s(t)Bs(x')

Na(t, x") /

<Ns(t,x’) > dx’.
Proof The proof of existence and uniqueness of (n4, ng) solution to (4)—(5) (trans-
port equation with a nonlocal boundary condition) is similar to the proves given in
[20] (chapter IV, using semigroup theory), [21] and [9] (chapter III, using Banach—
Picard fixed point theorem and bound given by an energy methods: the general relative
entropy [8] and [9] chapter III.3 and II1.9.5 for the periodic case). The existence of
the eigenelements A, (N4 (f, x), Ns(t, x)) is also a generalization of the Floquet result
[22], and the proof is similar to [8] p 1256—1259. The asymptotic behavior is a direct
application of the general relative entropy ([8] pp 1256-1259 and [9,12,13]) which

gives a general form of energy : let H any positive regular convex function, and define
the entropy by

. nalt,a)e ™
H; = I:/[‘o,oo[ H (—NA(Z‘, 2 ) Na(t,a)Da(t,a)da

ns(t,a)e ™
i /£O,m[ H <W) Ns(t, a)Ps(t, a)da] ,

where (@4, @) is solution to a dual eigenproblem (10) and then, we have

t

d na(t,a)e ™ ns(t,a)e™*
EH[ = @A(t, O)NA(I, O) |:H < mdl)l(a) + / WdUZ(d))

na(t,a)e ™ ns(t, a)e ™
—/H <—NA(t,a) )dvl(a) —/H <—Ng(t,a) )dvz(a)]
'

na(t,a)e ™ ns(t,a)e™*
+®&s(t,0)Ns(t, 0) [H< Wdﬂl(a)-l—/ WW&(@)

na(t,a)e ™ / ns(t,a)e ™M
— | H{—————)d — [ H|———— |d ,
/ ( Naay )@ Nsta) )
with dvy, dvy, dpu1 and dp, positive measures satisfying dvy + dvy and dpuy + dpo,

are probability measures. Therefore, using Jensen inequality, we find that (%H, <

0 (decay of entropy). This decay result implies uniform bound of % (resp.

Yy .
%) and convergence (in L? norm, for H : z — |z|”) to a constant (due to the

equality case in the Jensen inequality) [8].

The next result allows us to differentiate the eigenvalue A (of Proposition 3.1) with
respect to parameters of the model.
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Proposition 3.2 There exists a positive and T — periodic solution @ = (P4 Pgs) €
L®([0, T1, (L® (R, R1))?) to the dual eigenproblem (of (9))

LD = \D, (10)

which satisfies for all t > 0

/(D(t,x)N(t,x)dx =1, (11

where N(t,x) = <%?((tt’;))> , and

ooy D D gny— it (40O
(LX)t x) = = B(t.x) + D (1, ) d>(t,x)< 0 d(t)Xx>xo>

PasA(DBA®) ps—sa(t)Bs(x)
+20.0) ( Pass(BA) ps—s()Bs(x) )

Moreover; if we assume that pa_. o(t) = Zj p;‘)(/j (1), ps—s(t) = Zj p]S-XIj (),
where (1) ; is a partition of [0, T and (pj) j is a sequence of real numbers (in [0, 1])

—A— / / (@4(1,0) — (1, 0) BA)NA X)X, (r)x—dt
Ry x[0,T]

—k— // (Pa(t,0) — Ps(1,0)) Bs(x)Ns(t, x)x1; (t)—
R4 x[0,7]

Proof The existence of the eigenelements X, (D4(t, x), @s(f, x)) is similar to
[8] p 12561259 (see also [8,9]). Now, for the differentiation result, we follow
the same proof as [10,11] : we have by integration of (10) and condition (11)
[ L¥®(t,x)N(t,x)dx = A [ @ (1, x)N(t, x)dx = A, and so, by differentiating with
respect to any parameter # we find that

3 or B 9
= / a[ﬁ (D(t,x)N(t,x)]dx - / [<££ )cp(r,x)N(z,x)]dx

+/[£*%¢(¢,x)N(r,x)]dx+/ [E*@(t,x)%N(t,x)]dx

Since we have f [C*cb(t,x)%N(t,x)]dx = Af [cb(t, x)%N(t,x)]dx, and

/[ﬁ*%@(t,x)N(t,x)]dx :/[%@(r,x)ﬁN(t,x)]dx
:A/ [%@(r,x)N(t,x)]dx
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we obtain [ [ﬁ*%dﬁN]dx + [ [ﬁ*d)%N]dx — A%f(ﬁNdx = 0. Therefore, we

have
d /‘/ ] dxdr
P NS =//q>(r,0)BA<x)
aps ops T
1 0 dxdr
<_1 0)N(I1X)XIJT:/ (¢A(t10)
dxdt
_QS(LO))BA(X)NA(t’x)XI.ny
and the same calculus holds for %A. O

J

Moreover, the solution to the dual eigenproblem (10)—(11) is regular with respect
to age and time.

Lemma 3.1 Let (Q)A CDS) solution to the dual eigenproblem (10)—(11) then ¥ (t) :=
d(1,0) = (q)A(t,O) Dg(t,0) ) satisfies W(t) = fOOO‘I’(t Vi (), with
d} (y) = B(t, y)e~ Ji DDz ypere

C(dt+x) + A 0
D, x) = ( 0 d(l‘—i-)C)Xx>xo"‘_)‘>7

B(t, x) = (PA»A(Z‘ +x)Ba(x) ps—alt +X)Bs(x)>
’ pa—s(t +x)Ba(x) ps—s(t+x)Bs(x) )’
j 0 . n l+z;._:ll Xj
Finally, we have ¥ € C'(R1) and #(1) = lig, fffm [Ti=1 duy, (x;). O

Proof We have, for all ¢,
d
—d—cb(t+x,x)+q§(t+x,x)D(t,x)—<P(t+x,0)B(t,x)=0.
X
Therefore, we find
d — [F D(t,y)dy —Jo D@t.y)dy
— (@@ +x e B P o6 +x,0)B ek PIb] <o,

Thus, integrating with respect to x, we find
o0 ' d
Pt +x,%) =/ D1 +y,0)B(1, y)e Jr Be:2dzqy,
X

Applying in x = 0, we finally obtain ¥ (¢) = fooo W (r + y)du' (y), and regularity
comes directly from this integral equation (convolution form). O
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4 Optimization and Survival Analysis

In this part, we focus on the optimization of the eigenvalue with respect to the proba-
bility transitions t > (pa—4(t), ps—s(t)), i.e. to find

Amax 1= sup A(PA—> A, PS—S),
(Pa—sA,Ps—5)€l0, 1T+

and more generally to evaluate (pa—a, ps—s) — A(pa—a, ps—s). Indeed, the
eigenvalue A gives the growth rate of the population, and so, that can be used as a
fitness characterization of the population [10—15]; the larger is X, the more invasive is
the population, and a negative A implies the extinction of the population. Therefore,
questions are :

1. Do switching, i.e. bang—bang [23], form asexual to sexual gives the best exponen-
tial growth rate?

. switch _switch
Amax 1= sup )‘-(pA%A’ pS%S) = )\(Pi;lﬁfx , pg‘u_}ig )?
PA—APS—S

2. What happens to population if there is no more switch, i.e., when ps_, 4 and ps_. g
are constant functions equal to zero or one?

(a) Amax := A(0, 1), which means that the parthenogenetic subpopulation disap-
pears,

(®) Amax := A(1, 0) which means that the sexual subpopulation disappears, or

(©) Amax := A(1, 1) which means that subpopulations are no more mixed and so
there are two separated populations.

Theorem 4.1 (Sex Bang-Bang Optimization) The maximum of the eigenvalue is
reached for (almost) a couple of probabilities satisfying

(Pa—a(t), ps—s)t) €{0,1}, Vvt €[0,T].

More precisely, there exists (a;)j and (b;); in [0, T] s.t.

PA—>A(l) = ZX[a,-,b,](l), ps—st) =1— ZX[aj,bj](t),
J J
with ®4(a;,0) = ®5(a;,0), PA(b;,0) = P5(b;,0), where (@4, @5) is solution
to the dual eigenproblem (10)—(11). O
The proof is subdivided in two parts. Using the same argument as in Proposition 3.2

(more general [10,11]), we prove that we can construct a sequence that increases the
eigenvalue. Then, we prove that its limit is the “best one”.
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Increasing sequence Let, for all T > 0,

LT 1@E 1.0 ~@F (1.0))]1d7!

T
Pasa(t) = E— ; ;
A | 4 el 1@ 0 -0F @ 0plar’

o= SO L@ (1.0)—@F (1,017’

T
Ps_s(t) == — ; )
58 | 4 o= S 1@ 0—2F ¢.0pr’

with @7 (¢, x) = (@2 (t,x) Dg(t, x) ) solution to the dual eigenproblem
L¥PT = ATDT where

9
L5(@f PF) (1,x) = — (@41, x) PL(1,x)) + Py (@41, x) PL(1, %))

. . d(t 0
— (@50 @5(1.x)) ( 0 d(r)xx>xo>

. . P (OBa() ph, (D Bs(x)
+ (2400 25(.0)) (pfﬁ(r)BA(x) pi_ a1 Bs(x) > :

SRE

Using the same argument as in Proposition 3.2, we have

d
EKT = f/ Ph a0 = Py AO)NPF(E, 0) — D5, 0)* Ba(x)Na(t, x)dxdr

+// PEL (1 — pi_ s(M)(@] (2, 0) — DL(t, 0)? Bs(x)Ns(z, x)dxdr
> 0.
Since (p}_, 4, pg_) g0 o}, cD;) are uniformly bounded, using Banach—Alaoglu theo-

rem, we can extract a weak* convergent subsequence as T — o00. Therefore, at the
limit, we have

0= // PR A1 = pX AP (1, 0) — DE(t,0)* Ba(x)Na(t, x)dxdr

+// P, s ()1 = p& s()(@F(t,0) — D(1,0))* Bs(x)Ns(t, x)dxdr.

Finally, we have

— P, as(resp. p32, ) belongs {0, 1},
or

— [ Ba(x)Na(t,x) =0, (resp. [ Bs(x)Ns(t, x) = 0),
or

— ®X(t,0) = (1, 0).

The best Now, using Lemma 3.1, we have (®3°(t, 0), @¢°(¢, 0)) is continuous and
T- periodic; therefore, the set {t : ®3°(¢,0) = & (1,0)} = U; I}) is a countable

@ Springer



Journal of Optimization Theory and Applications

union of intervals (the same holds for {t : @3°(t,0) > ®°(,0)} = U; I;’ and
{t : @7, 0) < @F(1,0)} = Ujlj_). We have

PR A =Y xpOPEL A0 + D 0 OPFL A0 + Y Xy (OPF 4 W),
J J J

and the same for p$° (7). We notice that, for all piecewise constant functions, pzo_’f A
and pf‘o_’)]A are defined as follows:

Pil ) = Zx,o(t)p, + Zx1+(t)p, + Zx, ®p;,

J _
P a) = Zx,]o(t)q? + Z )<1j+(t)q,-+ + Z X1 (0g; -
j j j

We have directly that [E* D)) = %[MD] and so, we obtain that

\ A 9
(ﬂz )@Hz (ap?<p> _ <3pJ A> - (apg@)k.

Since we have (—E*)((D) = 0 and ( A) = 0, we find E*(—@) = ( sA)D.
]
Noticing that the ﬁrst eigenvalue of L:* has its elgenspace of dlmensmn 1 (Perron—

Frobenius extension [9]), there exists a constant C so that W ® = C. This implies
j

that (@4 (7, 0) — ®&5(z, 0)) = 0 for all pj? € [0, 1]. We, thus, can choose pj? € {0, 1}.

Since this result holds for all pzo_’)] 4» We can approximate p3° , by a sequence of

(pZO’JA)J and pQ°, , (1) can be chosen in {0, 1} for all .
End of proof To prove that 4 (a;, 0) = ®5(a;,0), @4(b;,0) = @5(b;,0), when

PAsA(L) = Zj Xla;.b;1(1),  ps—s(t) = 1— Z Xla;.b;1(1), itis sufficient to derivate
A with respect to a; (resp. b;). We find that

%A — (@alar, 0) — Ps(ar, 0)) / BA(x)Na(ar, x)dx.

Therefore, to be optimal, it needs to have (@ 4(a;, 0) — @s(a;, 0)) = 0 or no newborn
at time a;. The same holds for b;. When there is no newborn for asexual population,
we can choose ps—. 4 = | without changing anything (and the same for ps_, s when
there is no newborn for sexual population). Therefore, the only case where switches
appear are given by (@4 (a;, 0) — Dg(a;, 0)) = 0.

We show in Sects. 4.1 and 4.2 that assumption
T
/ Ba(x)e o d0/Tds (12)
x>0
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implies that a only parthenogenetic female population has a negative Malthusian
growth rate, i.e., extinguishes and assumption

/ Bs(x'yeJo 4&ds/Tx g oy o0 ddw (13)
’ t
x'>x0

implies the extinction of the only sexual female population. Therefore, under Assump-
tions (12)—(13), wehave A(1, 1) = max(A(0, 1), A(1, 0)) < 0. Nevertheless, it suffices
that the condition”

/ Bs(x)e
x'>xq

1+x() ,T—x(’)
max ef, dlw>xodw / Ba(x)e™ Jo d\s>x0/Tdsdx > 1,
t
x>0

T
fT*)‘(/) d|s>xods/Tx' a’

is satisfied, for almost a x{, > xo, to find a, mixing way of reproducing, survival
strategy, i.e., we have Apax > 0. Therefore, we have the following inequality

inter switch  winter switch
A’max Z )\’(pxﬂi" SWILC! , pg’igr SWIILC! ) Z O

4.1 Only Parthenogenetic Female: No Sex

Assuming that
p%O%A = 1’ pgoﬁS :O’ (14)
is satisfied. Then, after a living time of the individuals of the sexual population (since

there is no newborn), the sexual population (able to reproduce) vanishes. Therefore,
we only have to look for n 4 solution to the McKendrick—Von Foerster equation

0 0
—na(t,x) + —nat,x) +dt)nat,x) =0,
Jat 0x

(15)
nA(t,x:O):/ Ba(xNnu(t, x') dx’.
x>0

Using Proposition 3.2, to study the dynamics of n4 solution to (15), it is sufficient
(see Lemma 4.1) to study the eigenproblem (9), which becomes under Assumption
(14)

d d
ENA(LX) + aNA(t,x) +d(t)na(t,x) = —AaNa(t, x),

(16)
Na(t,x =0) = / BA(X")Na(t,x") dx’.
x'>0
and leads to a condition on A 4 :
1= / BA(x)efdx(—)»A—fOT d(S)dS/T)dX- (17)
x>0

2 For the survival (and more precisely the growth) of the asexual population during Spring to Autumn.
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We have then the following result on the survival of the parthenogenetic
population:

Proposition 4.1 Assuming that
/ Ba(x)e o d0/Tds 1 (> 1y (18)
x>0

then Ao < 0 (resp. Ao > 0), i.e., parthenogenetic population disappears (resp. sur-
vives) in long time with a Malthusian exponential growth rate : \a. O

Lemma 4.1 Solution (A4, N4) to the eigenproblem (16) is given by

Na(t,x) = e—fo’(d(s)—foTd(w)dw/T)dsefg(—AA—foT d(s)ds/T)dx

where L4 satisfies (17).

Proof We search a solution of the form N (¢, x) = f(¢)g(x). Therefore, we have

T T
f’(l)/f(t)-lrés"(X)/g(X)Jr(d(t)—/0 d(S)dS)=—)»A—/O d(s)ds,

2(0) = / Bl 0

and so, we have f'(t) = —f()(d@) — fOT d(s)ds/T), g'(x) = gx)(—=ia —
fOT d(s)ds/T). Finally, the boundary condition implies that (17) is satisfied.

4.2 Only Sex: No Parthenogenesis

Assuming that
Pia =0, psls=1, (19)
is satisfied. Then, after a living time of the individuals of the asexual population (since

there is no newborn), the asexual population vanishes. Therefore, we only have to look
for ng solution to the McKendrick—Von Foerster equation

0 0
—ns(t, x) + —ng(t, x) +d@) xx>xons(t, x) =0,
ot 0x

(20)
ns(t,x =0) = / Bg(t, xng(t, x") dx’
x>0

Using Proposition 3.2, to study the dynamics of ng solution to (20), it is sufficient
(see Lemma 4.1) to study the eigenproblem (9), which becomes under Assumption
(19)
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ad ad
_Ns(ta -x) + _NS(t7‘x) +d(t)XX>X()NS(ta X) = —)\.SNS(I,X),
ot ox @1

Ns(t,x = 0) =/ Bs(t, x')Ns(t, x') dx’
x'>x0

where Ng(T,.) = Ng(0, .).

Proposition 4.2 Assuming that

/ Bs(x"Ye™ Jo d)ds/Tx' dx’ max efflﬂo dwydw _ 1,
/ t
x'>xp

T ’ X
(resp / Bs(xye ™ lo AN/ g min el 0 - 1) (22)
x'>xq

then Lg < 0 (resp. As > 0), i.e., sexual population disappears in long time (resp.
survive) with a Malthusian growth rate : Ag.

Proof Here, the term d(f) xx>x, leads to some difficulties. We write the problem on
[0, xo0] and on [xq, oo]. We define

N(S)(t,x), x €10, xol,
N;‘(tax)7 X € ['x07 OO],

Ns(t,x) = {
which satisfy

00 9 0 0
NS(t,)c)—i—a Ng(t,x) = —AsNg(t,x), x =< xo,
X

ot
9 9
S Vst 2) + = Ns(t, %) + d(ONs (1, x) = —AsN5(t, %), x = xo,

X
N, x0) = N2(t, x0), NO(t,x =0) =/ Bs(t, X' )Nz, x") dx'.

x'>x0
We let , ’
M;v(t, X) = N;(t’ x)efo(d(w)—fo d(s)ds/T)dw. (23)

Then, we have

1+xp—x

M;v(t, x) = / Bs(x/)M;(t —x, x/) dx/efo (d(w)—fOT d(s)ds/T)dw
x'>x0

=J (t—x)
%0 p(—hs— [ d(5)ds/T)(x—x0)

Now, using the boundary condition and Eq. (23) we find that J satisfies J () =
4,
ooy 7t = x)d s (xYU (1), where U () = el 4@3dv (independent of 15) and
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T ’
dusg(x") = Bs(x’)e(’)‘s’fo ds)ds/T)x" gy Consequently, assuming that (22) is sat-
isfied, J # 0 and Ag > O (resp. As < 0), we find that

sup J(t) <supJ(t), (resp. il?f J(@) > ir}f J (1)),
t t

which is absurd, therefore, As < O (resp. As > 0). O

5 Environment Change

Since parthenogenesis is much more prolific and cost free (no sexual disease, no
time lost in partner selection) than sexual reproduction, when the death rate does not
depend on time, we have a better Malthusian growth rate for the asexual population
than for the sexual population. For aphids, eggs produced (by sexual reproduction)
have the ability to survive to winter [3—-6]. When the death rate due to winter is large
enough, it suffices to produce only parthenogenetic female between the end of winter
and to change before the next winter to sexual female that produce eggs (which are
not sensible to the death rate that eliminate the whole population) to survive and
improve growth rate. However, in our model, the end of winter, i.e., the increase in
temperature, means the end of sex as soon as a mutant, which reproduces exclusively
by parthenogenesis, appears. We notice that there exists a threshold death rate, under
which the parthenogenetic strategy is better.

Proposition 5.1 Assuming that

o0 o0
/ Bs(y +xo)e Yy < / Ba(y)edy, 24)
0 0

(verified as Bs(. + x0) < Ba(.)) and d(t) = d, then ppa—~a = 1, ps—s = 0, is the
best choice to have the best growth rate.

Proof We notice that solution to the dual eigenproblem (10)—(11), as we have
pasa = 1, pss = 0, is given by @4(x) = [ By(y)e @O dx, and
(@s(x)eJo x=x0@v=iny = 2 po(y)e=d f xemxgde=20-0 4y Using (24), we have
directly that [;° Bs(y + xo)e 4¥dy < I Ba(y)e=?>dy. Therefore, we have
Ds(0) = fooo BS(y)e_dfO) X1>10dz_)‘ydy < @4(0), and so, using Proposition 3.2,
A is increasing with respect to p4_, 4 and decreasing with respect to ps_s.

6 Numerical Simulations

For numerical simulations, we consider that death rate depends on time (with annual,
i.e., 365 days, periodicity) t > d(¢) and death rate is higher in winter : d|winer >
d|Summer, Spring, Auumn [3—6]. We consider that death rate for eggs (sexual population
of age x € [0, xo] [3], for U. cirsii aphids) is null, and we chose for birth and death
rate as in Fig. 2.

@ Springer



Journal of Optimization Theory and Applications

o
@
)

M=n ! ' ! ! — death rate]
07 8 9 |
8 ]
06
7 ]
205 26 4
® i
204 £5
<l T
“o3 S 4
3 J
0.2
2 J
01 g
4 L L L
0 10 20 30 40 50 60 70 80 20 % 50 100 150 200 250 300 350 400
Egg age WINTER e

Fig.2 Rates. Right : death rate on a time period. Left : birth rates (asexual in blue, sexual in red). From 0
to 50 days, there is no birth (egg time) for sexual population. The birth rate for asexual population is higher
than for the sexual population after egg time. During winter, the death rate is higher than the death rate
during other seasons

Table 1 Parameters and functions definition

Definition Variable Value
Maximal age of an aphid Agemax 90 days
Maximal age to reproduce Agerep 30 days

Time in egg state eggstate 50 days
Definition Function Value

Birth rate for asexual By -SXae[O,Ageep]

Birth rate for sexual Bg '125Xue[eggstate.6ggszaze+Agc’repl
Death rate d 1037 <30 + -5X30<1 <365

We can notice that asexual birth rate is higher (see [3], for pea aphids: in 10 days
a female can give birth to 80 clones) than for the sexual (for E. betulae aphids, see
[6], in twenty days, population is multiplied by approximatively 1.5). Parameters are
chosen to take in account the difference between asexual and sexual birth rates and
the difference during winter and for other seasons for death rates, but are not fitted for
a peculiar aphid specie (see Table 1).

We search for the best bang—bang strategy, i.e.,

max Mpa—a, Ps—S)-
PA—>A(D=Xixg,xp1>  PS—>SEO=1=pa_a(t)

We observe in Fig. 3 that for x;, to large, i.e., when the sexual population appears to
late before winter, the population disappears (zero multiplicative growth). The same
happens if the asexual population arise too late (x, too large). Maximum is reached
for x, = 21 and x;, € [5, 30] days. We see, in Fig. 4, that sexual population ng vanish
except before winter and asexual population n 4 increase exponentially between the
end of winter and the end of autumn and then disappears just before winter.
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0 5 100 150 200 66
b X
Fig. 3 Computation of (x4, xp) eT* as PA—A = Xlxa.xpls PS—S =1 — pa—a. At the right, we
show the decay as x is near 0 (zoom of the highest part of left figure)

200

Fig.4 Computation of n 4 (left figure) and ng (right figure) with respect to age and time. In particular, in
dark blue, we have the extinction of the population

7 Conclusions

In this work, we have proposed a partial differential equations model to study the time
evolution of a population that uses both sexual and asexual way of reproducing in an
environment with unlimited resources. Then, we show that the bang—bang strategy
(switch from parthenogenesis to sex and from sex to parthenogenesis) is the best
in order to optimize the growth rate of the population. Moreover, even in the case
of both type of subpopulation can extinguish (if they do not cooperate), a mixing
strategy (a cooperation), i.e. sexual can produce asexual and asexual can produce
sexual, may imply survival of the population. Nevertheless, environment variations
imply adaptation of species to these variations. Consequently, if the death rate that
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penalizes the asexual population (which has a higher birth rate than the sexual one)
decreases, at some point, the asexual population becomes the best (in a growth rate)
way to reproduce. Thus, a mutant, that has lost sex, can invade the population. It could
be interesting to develop the research of an optimal strategy by taking in account the
growth rate and its variations due to random variations of the environment.
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